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The Churn
Blindspot

The sheer volume and
complexity of modern
customer data

have outpaced human
intuition.

Relying on manual
observation means
relying on lagging
indicators, relegating
teams to damage
control rather than
preventative success.

Volume of Customer Data

The Scale & Complexity Gap

The Digital
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Shitting to Preventative Success

Traditional CS Al-Driven CS

(& Reactive () Proactive
(V) Lagging (tickets, explicit complaints) Q Leading (micro-behaviors, sentiment shifts)
Manual and inconsistent observation Infinite and objective scalability
’?ﬂ Damage control and mitigation % Preventative engagement
,- Al System Baselines: 90% Churn Prediction Accuracy | 10-Millisecond Evaluation Speed ﬁ

—
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The Predictive Sentiment Usage
. (The Emotional State) (The Behavioral State)
Churn Engine

True predictive power is unlocked
at a specific intersection. It [

T

requires crossing what customers

do with how they feel. N\ 4
The machine learning algorithm fQ\J ) S—
continuously weights these two

pillars to generate a real-time
risk score.

Dual-
Pillar

Churn
Probability
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Decoding the Emotional Radar

Al captures the emotional tenor of the relationship, establishing an 85% Customer Sentiment Score baseline.
It reads the nuance between the lines.

NLP Context

Detects underlying frustration and
hesitation beyond basic keyword spotting.

Hi team.

| suppose the new dashboard is fine,

Micro-Expressions

but it took my team three hours to
figure out the export function. We'll
keep trying to make it work for now.

Flags subtle sarcasm and understated
dissatisfaction indicating long-term flight risk.

Modality Integration

||||r|‘|‘|||\|- Cross-references text with recent
voice calls, noting changes in
pitch, volume, and pace.
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Tracking the Digital Footprint

Al maps behavioral patterns at scale, instantly flagging deviations from healthy usage norms.
These leading indicators reveal friction points long before a support ticket is filed.

o Successful Cohort Benchmark

) S

= Depreciating

o Feature Adoption

O Individual User Behavior

= Anomalous

= Session Length

Ll Ineffective
Workflow Use

Time
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From Disparate Silos to Predictive Models

The model balances precision with recall, iteratively refining its
accuracy in real-time to flag true high-risk accounts.
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Support Marketing :
tickets touchpoints
_____________ J
Scattered Data Quality & Feature Engineering Churn Risk
Raw Data Integration (Identifying key predictors via Probability Score

supervised/unsupervised learning)
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The Intervention Matrix

Al doesn't just provide a score; it provides the context. This allows for highly personalized,
contextualized outreach addressing specific usage gaps or sentiment shifts.

White-Glove Treatment: Direct CSM calls, _ :
bespoke success plan reviews, proactive High Risk & Value
resource deployment.

Targeted Engagement: Automated personalized
emails, specific feature webinars based on
identified usage gaps.

Moderate Risk

Low Risk

Observational Monitoring: Tracking emerging
concerns without disrupting the user experience.
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The Synthesis of Machine and Human

Al does not replace Customer Success Managers. It arms them with superpowers—prioritizing
their workflows and ensuring they enter every conversation with data-driven context.

Contextualizes
Insights

Aggregates
Data

Machine

Evaluates Empathetic
Patterns Intelligence Intervention
S;’:“EE Alerts Custom Rzlatiﬂnship
K Teams Strategy EOONET)
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The Future of Hyper-Personalized Success

The ultimate goal is not merely retaining accounts. By combining analytical prowess with human
strategic acumen, we are cultivating thriving, resilient partnerships.
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Transparent Models l Unbiased Algorithms Proactive Evolution
Understanding the why behind Vigilance against perpetuating Moving beyond basic churn
the prediction to build historical data biases to defense toward automated
operational trust between the | ensure fair, objective proactive support and

machine and the manager. customer evaluation. predictive upselling.
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